@'PLOS ‘ ONE

OPEN 8 ACCESS Freely available online

New Genes in Traditional Seed Systems: Diffusion,
Detectability and Persistence of Transgenes in a Maize
Metapopulation

Joost van Heerwaarden'?*, Diego Ortega Del Vecchyo??, Elena R. Alvarez-Buylla®3, Mauricio R. Bellon*

1 Biometris, Plant Sciences Group, Wageningen University and Research Center, Wageningen, The Netherlands, 2 Instituto de Ecologia, Universidad Nacional Auténoma
de México, México D.F., México, 3 Centro de Ciencias de la Complejidad, Universidad Nacional Auténoma de México, México D.F., México, 4 Bioversity International, Rome,
Italy, 5 Interdepartmental Ph.D. Program in Bioinformatics, University of California Los Angeles, Los Angeles, California, United States of America

Abstract

Gene flow of transgenes into non-target populations is an important biosafety concern. The case of genetically modified
(GM) maize in Mexico has been of particular interest because of the country’s status as center of origin and landrace
diversity. In contrast to maize in the U.S. and Europe, Mexican landraces form part of an evolving metapopulation in which
new genes are subject to evolutionary processes of drift, gene flow and selection. Although these processes are affected by
seed management and particularly seed flow, there has been little study into the population genetics of transgenes under
traditional seed management. Here, we combine recently compiled data on seed management practices with a spatially
explicit population genetic model to evaluate the importance of seed flow as a determinant of the long-term fate of
transgenes in traditional seed systems. Seed flow between farmers leads to a much wider diffusion of transgenes than
expected by pollen movement alone, but a predominance of seed replacement over seed mixing lowers the probability of
detection due to a relative lack of homogenization in spatial frequencies. We find that in spite of the spatial complexities of
the modeled system, persistence probabilities under positive selection are estimated quite well by existing theory. Our
results have important implications concerning the feasibility of long term transgene monitoring and control in traditional
seed systems.
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Introduction

Since the introduction of genetically modified (GM) crops in the
1990s, gene flow into non-target populations has been a cause of
concern [1-2]. The case of GM maize in Mexico has been of
particular interest [3—4] because of the country’s status as center
of origin and diversification of this important food crop [5-6]. In
spite of a national moratorium on the planting of GM maize
imposed in 1998, several studies have reported the presence of
genetic elements of transgenic origin in populations of Mexican
landraces [7-10].

Whereas biosafety issues such as introgression into wild relatives
[11-13] and contamination of conventional food and seed supplies
[14-15] were recognized early on, these reports have drawn
attention to a hitherto unappreciated risk: gene flow into the
traditional seed system that is typical of smallholder agriculture in
the developing world. Unlike commercial farmers, most small-
holders recover seed from the previous harvest, and frequently
acquire seed from other farmers through a well-structured
traditional system of rules, expectations and practices based on
family and local social networks [16-19]. This traditional system
effectively links all individual maize populations, or seed lots, into a
single evolving metapopulation [20] in which the fate of an
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escaped transgene is subject to the long-term effects of population
genetic processes such as drift, gene flow and selection.

All of these processes are determined to a large extent by seed
management [21], the collection of farmer practices related to seed
sourcing and use, including seed selection, planting, and acquisi-
tion [22] [17][23].

Seed acquisition, denoted here as seed flow, is particularly
important, as it strongly affects both drift and gene flow in the
metapopulation [21]. Previous work has distinguished two forms of
seed flow [23]: replacement (i.e. planting a field exclusively with
seed obtained from another farmer) and mixing (i.e. planting a
field with a mixture of seed saved from the farmer’s previous
harvest and seed obtained from another farmer), which occur at
different frequencies and have contrasting population genetic
effects [21]. Replacement is the most common form of seed flow
and mainly occurs in response to complete seed loss or when
planting for the first time. Mixing is done in response to partial
seed loss or as a form of experimentation [23]. Both mixing and
replacement can involve seed from either inside or outside the
farming community, although the former is much more common
[24].

Although the importance of seed flow to the issue of transgene
escape has been recognized [3] [10], research on agricultural
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biosafety in maize has been mostly limited to assessing the risk of
cross-pollination between adjacent fields [25-26]. Empirical
research is currently strongly restricted by biosafety regulations
and can only address local and short-term consequences of
transgene escape. Modeling studies therefore present an important
alternative for exploring the issue of seed mediated gene flow and
its implications by simulating future scenarios under contrasting
assumptions and conditions on large spatial scales. So far there
have been very few simulation studies addressing the effect of seed
flow on the parameters relevant to biosafety policy (see [9-10][27]
for recent examples).

Seed flow may affect biosafety in a number of ways but here we
focus on three aspects that we consider particularly important —
namely diffusion, detectability and persistence of a transgene.
Diffusion into non-target populations is at the heart of most
biosafety concerns. Proposals for release of GM crops in Mexico
have been aimed at release in regions of low maize diversity,
implicitly assuming that long-distance seed dispersal can be
ignored. Another key aspect for GM control is detectability. It
has recently been shown that a very localized distribution of
transgene frequencies lowers the probability of detection [9],
prompting the need to evaluate the effects of seed flow on the
spatial frequency distribution. Finally, persistence in response to
natural selection is perhaps the most important long-term issue to
be evaluated. Transgenes are designed to be agronomically
superior in their target system, which, depending on the type of
gene, may extend to traditional farming systems as well. While
some of the currently available transgenic traits such as herbicide
resistance may not be relevant to smallholder farmers if herbicides
are not used, others may be, such as transgenes designed for biotic
or abiotic stress resistance, like BT genes [3]. Such an advantage
would become an evolutionary benefit within traditional seed
systems. In classical population genetic models, positive selection
increases the probability of a gene escaping extinction caused by
genetic drift, leading to indefinite persistence and eventual fixation
in the metapopulation. In classical models of undivided popula-
tions, this persistence (i.e. fixation) probability is determined by the
initial gene frequency and the amount of genetic drift experienced
by the metapopulation [28]. The extent to which crop metapop-
ulations deviate from classical models in this respect remains to be
established.

In this study, we provide a first example of using data on
farmer-mediated seed flow to model the diffusion, detectability
and persistence of a transgene. As an illustrative case study, we
evaluate the long-term spatial dynamics of localized transgene
introduction by modeling the recurrent growing of GM maize at a
single location over 100 planting cycles, with the exception of the
evaluation of persistence for which a one-time introduction is
assumed. We use recently-compiled data [24] on traditional maize
seed management in Mexico to parameterize a spatially-explicit,
stochastic model describing the population genetics of a maize
metapopulation subject to pollen and seed flow. This metapop-
ulation consists of individual fields/seed lots cultivated within
villages of which only a single central village is a cite of primary
planting of GM maize (Figure 1). We consider only unconscious
diffusion by excluding primary GM maize as a seed source,
restricting the initial influx of transgenes into the metapopulation
to be pollen mediated.

We evaluate the effect of substantial variations in seed flow
parameters, with and without positive selection, by simulating
five contrasting scenarios, one of which corresponds to the
observed patterns of seed management in our sample of farmers
and four that deviate from them in one or more seed flow
parameters (Table 1). These scenarios assume constant pollen
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flow and combine three rates of seed mixing, two of seed
replacement and two proportions of between-village seed flow,
thereby providing a broad but manageable range of seed
management conditions.

We intend to demonstrate the value of explicit modeling of seed
management when making predictions about the fate of escaped
transgenes in landrace populations under proposed scenarios of
introduction. We hope that our results will contribute to improved
risk assessment and biomonitoring at centers of crop origin and in
regions where traditional agriculture and diverse landraces
dominate crop production systems.

Results

Diffusion

Recurrent planting of GM maize is expected to lead to the
accumulation of transgenes in the metapopulation with a spatial
distribution determined by the patterns of gene flow. In the
absence of selection, the increase in transgene frequency is
relatively insensitive to the specifics of seed flow (Figure 2). Under
all five seed flow scenarios, gene frequency increases linearly at a
rate somewhat inferior to the theoretical maximum expected for
an infinite population undergoing recurrent influx of transgenic
pollen (See methods). Under positive selection the effect of
differences in seed flow parameters become visible, particularly
for the highest selection coeflicient of 0.05. Including seed flow
leads to a faster increase in transgene frequency compared to the
scenario without seed flow (scenario 1, Table 2). The introduction
of seed mixing (scenario 2, Table 2) has a limited effect compared
to the introduction of seed replacement (scenario 3-5, Table 2),
probably due to the relatively low frequency of occurrence of the
former. Increasing the frequency of introduction of seed from
outside the village (scenario 4, Table 2) also leads to faster
accumulation of transgenes, at the same total level of mixing and
replacement. For the scenario with the highest frequencies of
mixing, replacement and introduction of non-local seed (scenario
5, Table 2) the rate of accumulation approaches the theoretical
maximum expected in an infinite population under constant influx
and positive selection (See methods).

The number of affected farmers (i.e. whose fields contain more
than 1% transgenic plants) responds more strongly to changes in
sced flow parameters, regardless of the selection coefficient
(Figure 2). In terms of both frequency and number of affected
farmers, the difference between the zero seed flow scenario (1,
Table 2) and the scenario with only seed mixing (scenario 2,
Table 2) is small, however, again suggesting that at realistic rates
seed replacement plays a more dominant role in transgene
diffusion.

As expected, seed mixing and replacement strongly affect the
spatial distribution of transgenes (Figure 3). Whereas under the
zero seed flow scenario (scenario 1, Table 2) transgene presence
beyond three km from the focus of introduction after 100 years is
negligible, the introduction of seed mixing and especially
replacement leads to a much more even frequency distribution
throughout the metapopulation, particularly when positive selec-
tion is strong. For scenario 3 (corresponding to realistic parameter
values, Table 2) under the three selection coefficients (0, 0.01,
0.05), respective transgene frequencies of 2 107°, 8 107> and 5
10™* and fractions of affected farmers of 6 107, 1 107% and 3
102, are found as far as 50 km from the release site (Figure 3.). In
terms of absolute numbers, more than ten million transgenic plants
would grow at 50 or more kilometers from the point of
introduction at the highest selection level, with more than 900
fields containing in excess of 1% transgenic plants.
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a)

Figure 1. Diagram representing the metapopulation model (a) and example model output (b). The larger panel in (a) shows six villages
with two positive farmers (black crosses) with seed flow indicated by gray arrows. Enlarged area shows a block of nine fields surrounding two fields
that received contaminated seed. The field on the left mixed seed from a contaminated source, resulting in a frequency below that of the source field.
The field on the right undergoes complete replacement and now has the same transgene frequency as the seed source. Panel (b) presents the spatial
distribution of the transgene after 100 generations in the entire metapopulation (top) and in an enlarged area close to the focus of introduction

(bottom). Transgene presence is marked in white and frequencies above 0.5 percent in black.

doi:10.1371/journal.pone.0046123.g001

Table 1. Observed values for seed management data.

Parameter

Observed values

Number of ears used for planting (F)

Kernels per ear (K)

Probability of seed replacement (g)

Probability of seed mixing (1)

Proportion of seed used for mixing (m)

Probability of seed flow from non-local sources (7 - V)

Proportional contribution of pollen from a single neighbor to the gene pool of a field (m)

Average number of pollen neighbors (¢)

290
400
0.28
0.014
0.5
0.14
0.015

doi:10.1371/journal.pone.0046123.t001
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Figure 2. Accumulation of transgene frequency (p) and number of farmers with frequencies above 0.5 percent (nf) at s=0 (top),
s=0.01 (middle) and s =0.05 (bottom) for the five scenarios (red = 1,black =2, green =3, blue =4, gray =5). The gray dotted line shows

expectations for p.
doi:10.1371/journal.pone.0046123.g002

Detectability

Using a published biomonitoring scheme, consisting of 3 fields
sampled for 50 random villages [29], we take repeated samples
from the simulated metapopulation at 50 planting cycles after the
cessation of 100 cycles of GM maize cultivation. We then measure
the probability of transgene detection as the fraction of samples
that contains at least one transgene. Detection results for the five
seed flow scenarios without selection confirm earlier suggestions
that seed flow may affect detectability of transgenes at a given
frequency by increasing spatial homogeneity of transgene
frequencies [9] (Table 3). As shown by the diffusion results above,
in the absence of seed flow the spatial distribution of transgenes is
highly skewed, meaning that a small number of fields close the
source of introduction will contain high frequencies while those
further away will have extremely low frequencies (Figure 3). This
skewed distribution causes the observed detection probability to
fall far below that expected based on conventional estimates that
assume a homogenous population [29] (see methods). As seed
mixing, replacement and between villages seed flow is introduced,
the probability of detection also increases. However, only for the
high seed flow scenario with 28 percent mixing does the detection
rate begin to approach conventional expectations. Importantly,
under realistic patterns of seed mixing (scenario 3, Table 2), the
detection rate is only 0.14 instead of 0.74 as expected, reflecting
the limited amount of homogenization associated with seed
replacement compared to seed mixing.

Persistence

Positive selection will inevitably lead to the long term persistence
of a transgene unless random fluctuations in frequency, as a result
of finite population size, are strong enough to cause the extinction
of the gene. Starting from the low transgene frequency after a
single cycle of planting of GM maize, the five scenarios and three
selection levels show considerable variation in the probability of
the transgene to persist indefinitely in the metapopulation
(Table 4). Under a classical model of a single undivided
population, such variation should reflect differences in metapop-
ulation effective size (N.), a determinant of the amount of genetic
drift [28]. Recent theory may be used to estimate N, for the five
scenarios [21] (see methods) and substituting these estimates into
the classical model indeed leads to rather precise prediction of the
persistence probabilities observed for our model.

As expected, the highest estimated N, is found in the absence of
mixing and replacement (Scenario 1, Table 2), translating into
probabilities of persistence close to 100 percent due to the low

Table 2. Seed flow scenarios used in the simulations.

levels of genetic drift. Conversely, the scenarios with 28 percent
seed replacement and 2 percent mixing (Scenarios 3 and 4,
Table 2) have the lowest N. and therefore relatively low
probabilities of persistence. It is interesting that of the latter two
scenarios the one corresponding to the observed seed management
data (Scenario 3) deviates somewhat more from theoretical
predictions than the scenario with higher rates of between-village
seed flow (Scenario 4), in spite of having the same predicted N..
This points to a small but unexpected effect of the simulated
village structure that cannot be accounted for by existing theory.

Discussion

Predicting and managing the spread of transgenes beyond the
target seed supply is of great importance for biosafety. Recent
developments expanding the use of transgenes in crop plants to
include the production of pharmaceuticals and other chemicals
[30] have only increased the need for adequate evaluation of
biosafety risks. Past experiences have shown that even within the
commercial seed sector, preventing the intermixing of transgenic
and conventional seed stock can be difficult [15]. The challenges
of managing transgene flow in traditional seed systems in centers
of crop origin are particularly daunting. Our study presents the
first attempt to evaluate the potential importance of seed flow for
the long-term fate of a transgene in a large crop metapopulation.
By combining quantitative observations on traditional maize seed
systems with a spatially explicit model, we are able to predict how
deviations from observed practice may change the outcome of the
introduction of a novel gene in terms of its diffusion, detectability
and persistence. Our approach is a significant improvement over
previous modeling studies that did not consider population
genetics or seed management practices [31] [10].

As expected [3], seed flow is an important determinant of the
population genetics of a transgenic element. Although in the
absence of selection, seed mixing and replacement have a limited
effect on the total frequency of the transgene, observed levels of
replacement greatly affect the spatial distribution of the gene and
the number of affected farmers. When selection is present, the
frequency of mixing and replacement and the use of non-local seed
sources notably influence the expected frequency of the transgene.
Replacement, being the most common form of seed flow, thereby
having the strongest effect.

Even though farmers predominantly rely on local seed sources,
infrequent long-distance flow causes transgenes to spread much
further than would be expected in the absence of seed flow. It is

Seed mixing

Seed replacement

Probability of between-

Scenarios Pollen flow (m,) probability (4) probability (s) village seed flow (7- N Estimated N,
1 0.015 0 0.0 0.0 1,184,818,534
2 0.015 0.019 0.0 0.14 844,993,687

3 0.015 0.019 0.28 0.14 37,298,109

4 0.015 0.019 0.28 0.9999 37,298,109

5 0.015 0.28 0.28 0.9999 153,791,555

doi:10.1371/journal.pone.0046123.t002
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Figure 3. Frequency of the transgene vs. the distance from the focus of introduction (where the transgene is being introduced
recurrently) at s =0.00 (top) and s =0.05 (bottom) for scenarios 1-5. Red whiskers indicate the standard error. Displayed values are truncated

at p=0.001.
doi:10.1371/journal.pone.0046123.g003

Table 3. Detection probabilities of the transgene for each of
the five scenarios.

Scenario 1 2 3 4 5
Expected 0.83 0.83 0.74 0.76 0.77
Observed 0.01 0.03 0.14 0.19 0.46

Table 4. Persistence of the transgene, based on a starting
frequency of 0.00001.

selection

coefficient 0.005 0.01 0.05
Scenario N, Exp Obs Exp Obs Exp Obs
1 11,848,115 0947 0923 0997 0.989 1.000 1.000
2 8,450,219 0.876  0.854 0.985 0.980 1.000 1.000
3 374,069 0.088 0.123 0.169 0.257 0.604 0.843
4 374,069 0.088 0.085 0.169 0.180 0.604 0.732
5

1,538,842 0317 0.276 0.533 0461 0978 0.947

The observed probabilities refer to the average frequency of trials in which the
positive transgene was detected among ten repetitions. Expected probabilities
are simple binomial probabilities based on the assumption of spatially
homogenous transgene frequencies (see methods).
doi:10.1371/journal.pone.0046123.t003
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Both the observed and expected persistence probabilities are shown for each of
the six scenarios using two different selection coefficients. The observed
probability of extinction in each scenario is estimated as the frequency of 100
simulations where the transgene frequency drops down to zero.
doi:10.1371/journal.pone.0046123.t004
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noteworthy that after 100 planting cycles, even under our
relatively conservative scenario of 33 fields undergoing recurrent
planting of GM maize, as many as 3% of farmers at 50 km from
the original release sites are affected if the selection coefficient
exceeds 0.05. This should be considered when evaluating biosafety
of new releases based on distance from areas where landraces grow
(see recent maps by CONABIO: http://www.biodiversidad.gob.
mx/genes/proyectoMaices.html).

Although seed flow greatly increases the spatial diffusion of
transgenes, the observed predominance of seed replacement over
seed mixing translates into a limited rate of homogenization at the
metapopulation level. In practical terms this means that true
detection probabilities will be much lower than expected based on
conventional calculations that assume a homogenous distribution
[29]. In our case, only the scenario where seed mixing was equally
frequent as replacement yielded a detection probability approach-
ing theoretical expectations.

An important result from our simulations is that in spite of the
complex spatial structure represented by our metapopulation, the
probability of persistence of a transgene of known frequency and
selective advantage is relatively well predicted by existing theory
[28]. For the parameter ranges studied here, most of the variation
in persistence probability at a given level of selection is explained
by effective size as predicted from the model parameters using a
recent mathematical crop metapopulation model [21]. The slight
discrepancy observed between scenarios 3 and 4, in spite of their
identical predicted population sizes, is the only instance where our
model predictions deviate from theoretical expectations. Scenario
4 assumes unlimited seed flow between villages as in the
mathematical model, while between-village seed flow is restricted
in scenario 4. The fact that persistence in scenario 4 better fits
theoretical predictions thus suggests that spatial restricted seed
flow may cause an increase in effective size.

These results show that it is possible to make quantitative
statements on the fate of transgenes, albeit under admittedly
unrealistic assumptions of long-term persistence of the traditional
maize production system. For example, given an approximate
number of about 3 million small-scale maize farmers in Mexico
[32], a rough theoretical estimate of the effective population size
would be on the order of 100 million. This means that for a
transgene with a selective advantage of 0.01, frequencies would
have to remain below 10™% to have a less than 5% chance of
persistence. Detecting a single transgene at such frequencies with
95% probability would require testing around 750,000 maize ears
under the assumption of homogeneity. Considering that true
detection probabilities are much lower due to the uneven
distribution of transgenes, it is unlikely that monitoring and
controlling a selectively favored transgene would be feasible.

In all model predictions, selection is a key parameter. Although
our simulated selection levels are within the range of published
estimates for maize genes [33-34], we know very little about the
potential fitness effects of different transgenes. Since transgenes are
designed to be agronomically favorable and of large effect it is not
unlikely that some are subject to strong positive selection, although
others may turn out to be effectively neutral within traditional
agro-ecosystems. Determining selective coefficients of particular
transgenes under realistic conditions will thus be pivotal for
designing sound detection and biosafety schemes and regulations
and should be a research priority for an evidence-based biosafety
system.

In this paper we have explored a limited and rather conservative
example of transgene presence and diffusion to demonstrate the
interaction between farmer practice and the population genetics of
a new and rare genetic element. We have not tried to represent
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more extreme scenarios of transgene introduction such as may be
occurring now or in the near future. Our analysis of the
metapopulation dynamics of newly-introduced genes in traditional
seed systems is by no means exhaustive. There are obviously many
more scenarios and parameter combinations that may be
explored, and there may be relevant aspects of seed management
and that we have not included. Although the basic patterns of seed
flow, such as localized exchange and predominance of seed
replacement, will be similar for most traditional farming systems, it
is likely that aspects of seed management vary by geography and
environment [35] [24]. Some regions may for example have a
tighter integration of traditional and modern seed systems than we
have assumed [36], which would imply the occurrence of seed
mixing between conventional and transgenic stock and faster
transgene diffusion than predicted here. Nonetheless, we hope to
have shown that knowledge on seed management is of great
relevance for predicting the possible outcome of proposed
scenarios of transgene release and is essential for establishing a
rigorous and quantitative framework for biosafety policies.

Materials and Methods

Model Description

Our computational model extends recent population genetic
models of traditional seed systems [9] [21] by providing spatially
explicit representation of villages as well as long distance seed
dispersal with a user-determined dispersal kernel. We simulate the
temporal dynamics of a single, bi-allelic locus in a square grid of n
fields assigned to £ villages (Figure 1) where neighboring fields are
connected by pollen and seed flow that can take place both within
and between villages. Fields subject to primary planting of GM
maize are assigned a starting frequency, p =0.5, of the transgenic
allele. Recurrent planting of GM maize, such as assumed for the
evaluations of diffusion and detectability, is modeled by resetting
their frequency to 0.5 in each generation. The frequency change
for each field in each generation is then modeled in four
consecutive stages, where in each stage the starting frequency is
designated by p and the new frequency by p*

1. Pollen flow

Pollen flow is assumed to be deterministic. Fields receive a
proportion m, of its genes from their 1 neighbors. The number of
neighbors may be trimmed for the sake of realism. Fields at the
corners and borders of the grid have two and three neighbors
respectively. For a single field, transgene frequency after pollina-
tion is given by:

n
P =p(1—nmyg)+m, Zpi
i

with n = 4.
2. Selection

Selection is also modeled deterministically under the assumption
of complete dominance. Gene frequency after selection becomes:

. sp(1—p)?
p=pt U
1—5(1—p)
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3. Drift

Each field is planted with F ears bearing A kernels, totaling
N=FK diploid plants. We assume random mating within fields
and F<<<N so that the genetic sampling process is appropriately
described as taking male and female gametes with replacement.
Gene frequency in the paternal contribution to the next generation
is given by:

' _B(N.p)
m N

Whereas the frequency in the female contribution is:

B(N.Q)
N

B(2F,p)
2F

i~ . 0

The double sampling describes the generation of N haploid
gametes from F diploid ears. The post-drift gene frequency for
each field is simply:

o P tpr”
r=7

4. Seed flow

Seed flow occurs by mixing and replacement, respectively. For
both types of seed flow there is a single seed source for each
receiving field in each generation. Replacement occurs with a
probability & and involves replacement of the entire seed lot with
that of another farmer. Transgenic frequency after replacement is
given by p*=p;. Where p; is the frequency in the source field.
Mixing takes place with a probability u and involves supplement-
ing a fraction m of the native seed lot with seed from a another
farmer. Frequency after mixing thus becomes:p* = p(1 —m) 4+ mp;.
Seed sources are chosen randomly from non-replaced seed lots
from within or from outside the village with probabilities V" and (1-
V) respectively. Each source outside the village is defined by a
random angle § from a uniform distribution and a random
distance d (according to a chosen dispersal kernel). If a replaced or
primary GM maize seed lot is chosen or if the coordinates fall
within the same village or outside the grid, a new random source is
selected. The exclusion of GM maize seed lots as seed sources,
imposed to model unconscious diffusion, can obviously be lifted if
so desired. Source code of our model is available upon request.

Information on Seed Systems and Parameterization
Seed management data. To obtain estimates for seed
related model parameters we used raw data from a recently
published socioeconomic survey [24] that was carried out in 2003
with the heads (i.e. the person making decisions on domestic and
farm issues) of 400 randomly-selected maize-producing households
at 20 sites (20 houscholds per site) randomly selected among 46
municipalities comprised in four transects across an altitudinal
gradient from 10 to 2980 masl in five states in Central Mexico.
All maize farmers interviewed relied on traditional seed systems
and planted mostly landraces, although some of them had
experimented with improved varieties as well. In addition to
socio-economic data, this survey contained questions specific to
maize seed management such as quantities, geographic origins and
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history of the seed planted. Estimates of pollen flow were taken
from the literature [26]. Because most parameters differed
substantially between maize-growing environments and in order
to represent a single environment, only data for the highland
environment was used, with the exception of seed source distances,
which were obtained from the full dataset to assure sufficient
sample size. The parameter estimates derived from these data are
presented in Table 1. The reported distances of seed sources
confirmed a prevalence of local seed flow with rare instances of
long-distance seed flow, as reported in other studies. We fit a
lognormal distribution to observed distances using the fitdistr
routine contained in the MASS package of the R statistical
software [37]. Seed flow distances between villages in our model
were set to correspond to real between-village distances by scaling
the average between-village distance in our simulations to match
the average neighbor distance in a Delaunay triangulation of the
coordinates of 911 mapped highland villages (>300 inhabitants) in
a rectangular section of the study region (information: INEGI,
http://www.inegi.org.mx).

Parameterization and Model Scenarios

Our simulated metapopulation contained one million fields
divided equally over 10,000 villages, with a single village in the
center containing 33 fields planted with GM maize. We explored
five different scenarios of seed flow (Table 1), covering a wide
range of seed management types ranging from the complete
absence of seed flow to a high seed flow scenario of 28 percent seed
replacement and mixing and a 99.99 percent probability of
between-village flow. Scenario number three represented the
observed seed management parameters as estimated from our
survey data, 1.e. infrequent seed mixing, frequent seed replacement
and predominantly local seed flow. For the evaluation of transgene
diffusion, continuous planting by the same 33 farmers was
simulated for 100 generations and the results averaged over 100
replications. We tested selection coefficients of 0, 0.01 and 0.05.
The expected maximum rate of transgene frequency increase in an
undivided population of infinite size is simply the deterministic
increase caused by pollen flow from positive fields and positive
selection, represented by:

Ap=n,nmgn=1 +sp.

For the detectability evaluation the five scenarios were
simulated in the absence of selection (s=0), for 150 generations
with planting of GM maize by 33 farmers ceased after 100
generations. For each replication, 10,000 samples were simulated,
consisting of 50 randomly-selected villages, three fields per village,
seven ears per field and 165 seeds per ear. This sampling scheme
was designed to be quantitatively similar to Ortiz-Garcia et al. [29]
in their 2003-2004 biomonitoring survey of Mexican landraces.
Detection was modeled as a set of Bernoulli trials, in which each
sampled field has a probability of detection of 1 —(1—p)", where
n=(2F+FK) [9], and p is the transgene frequency in that field.
The expected overall detection probability under the assumption
of homogeneous frequencies is simply given by the above formula
with /" and K replaced by the total number of sampled ears and
kernels respectively and by replacing p by the mean transgene
frequency in the metapopulation [29].

Theoretical expectations for persistence are represented by

1— e—4N4,sp
L O
probability and N, is the variance effective population size. Given
p and s, higher values of N, lead to higher persistence probabilities

[28], where « is the persistence (or fixation)
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because of a lower chance of losing the new gene due to drift. N,
was calculated as the long-term N. derived from the mean
coalescent time T (N.=2T), given by the crop metapopulation
model by van Heerwaarden et al. 2010 [21], with model
parameters set as in Table 1.

For the evaluation of persistence a smaller metapopulation of
only 100 villages was simulated to limit computational time. In this
case 1000 replications were run of a single planting cycle of GM
maize by 33 farmers, leading to a starting frequency of
p=1.24x107" Selection was set to 0.005, 0.01 and 0.05.
Simulations were run until transgene frequency reached either 0
(extinction) or 0.001 (persistence). The threshold value of 0.001 for
persistence was used to limit computational time and based on the

References

1. Ellstrand NC, Hoffman CA (1990) Hybridization as an avenue of escape for
engineered genes. BioScience 40: 438-442.

2. Snow AA, Andersen B, Jorgensen RB (1999) Costs of transgenic herbicide
resistance introgressed from Brassica napus into weedy B. rapa. Molecular
Ecology 8: 605-615.

3. Bellon MR, Berthaud J (2004) Transgenic maize and the evolution of landrace
diversity in Mexico. The importance of farmers’ behavior. Plant Physiology 134:
883-888.

4. Mercer K, Wainwright J (2008) Gene flow from transgenic maize to landraces in
Mexico: An analysis. Agriculture, Ecosystems & Environment 123: 109-115.

5. Matsuoka Y, Vigouroux Y, Goodman MM, Buckler ES, Sanchez G (2002) A
single domestication for maize shown by multilocus microsatellite genotyping.
Proceedings of the National Academy of Sciences of the United States of
America 99: 6080-6084.

6. van Heerwaarden J, Doebley J, Briggs WH, Glaubitz JC, Goodman MM, et al.
(2011) Genetic signals of origin, spread, and introgression in a large sample of
maize landraces. Proceedings of the National Academy of Sciences of the United
States of America 108: 1088-1092.

7. Quist D, Chapela IH (2001) Transgenic DNA introgressed into traditional maize
landraces in Oaxaca, Mexico. Nature 414: 541-543.

8. Serratos-Hernandez JA, Gomez-Olivares JL, Salinas-Arreortua N, Buendia-
Rodriguez L, Islas-Gutiérrez F, et al. (2007) Transgenic proteins in maize in the
soil conservation area of Federal District, México. Frontiers in Ecology and the
Environment 5: 247-252.

9. Pifieyro-Nelson A, Van Heerwaarden J, Perales HR, Serratos-Hernandez JA,
Rangel A, et al. (2009) Transgenes in Mexican maize: molecular evidence and
methodological considerations for GMO detection in landrace populations.
Molecular Ecology 18: 750-761.

10. Dyer GA, Serratos-Hernandez JA, Perales HR, Gepts P, Pifieyro-Nelson A, et
al. (2009) Dispersal of transgenes through maize seed systems in Mexico. PloS
one 4: e5734.

11. Ellstrand NC, Prentice HC, Hancock JF (1999) Gene flow and introgression
from domesticated plants into their wild relatives. Annual Review of Ecology,
Evolution, and Systematics 30: 539-563.

12. Chapman MA, Burke JM (2006) Letting the gene out of the bottle: the
population genetics of genetically modified crops. New Phytologist 170: 429—
443.

13. Schoen DJ, Reichman JR, Ellstrand NC (2008) Transgene escape monitoring,
population genetics, and the law. BioScience 58: 71-77.

14. Bucchini L, Goldman LR (2002) Starlink corn: a risk analysis. Environmental
health perspectives 110: 5.

15. Mellon M, Rissler J (2004) Gone to seed: transgenic contaminants in the
traditional seed supply. Union of Concerned Scientists.

16. Bellon MR, Brush SB (1994) Keepers of maize in Chiapas, Mexico. Economic
Botany 48: 196-209.

17. Louette D, Charrier A, Berthaud J (1997) In situ conservation of maize in
Mexico: genetic diversity and maize seed management in a traditional
community. Economic Botany 51: 20-38.

18. Badstue LB, Bellon MR, Berthaud J, Ramirez A, Flores D, et al. (2007) The
dynamics of seed flow among small-scale maize farmers in the Central Valleys of
Oaxaca, Mexico. World Development 35: 1579-1593.

PLOS ONE | www.plosone.org

New Genes in Traditional Seed Systems

fact that for this frequency the probability of fixation approaches
unity under realistic values of N..

Acknowledgments

The authors wish to thank 4 anonymous reviewers for valuable comments
on earlier versions of the document.

Author Contributions

Conceived and designed the experiments: JvH. Performed the experi-
ments: JvH. Analyzed the data: JvH DODV. Contributed reagents/
materials/analysis tools: MRB. Wrote the paper: JvH EAB MRB.

19. Chambers KJ, Brush SB (2010) Geographic Influences on Maize Seed Exchange
in the Bajio, Mexico. The Professional Geographer 62: 305-322.

20. Louette D (2000) Traditional management of seed and genetic diversity: what is
a landrace? In: Brush SB, editor. Genes in the field: on-farm conservation of
crop diversity. IDRC (International Development Research Centre).

21. van Heerwaarden J, van Ecuwijk FA, Ross-Ibarra J (2010) Genetic diversity in a
crop metapopulation. Heredity 104: 28-39.

22. Bellon MR (1991) The ethnoecology of maize variety management: a case study
from Mexico. Human Ecology 19: 389-418.

23. Smale M, Aguirre A, Bellon MR, Mendoza J, Rosas IM (1999) Farmer
management of maize diversity in the Central Valleys of Oaxaca, Mexico:
CIMMYT/INIFAP 1998 baseline socioeconomic survey. Economics Working
Papers.

24. Bellon MR, Hodson D, Hellin J (2011) Assessing the vulnerability of traditional
maize seed systems in Mexico to climate change. Proceedings of the National
Academy of Sciences 108: 13432-13437.

25. Ma BL, Subedi KD, Reid LM (2004) Extent of cross-fertilization in maize by
pollen from neighboring transgenic hybrids. Crop Science 44: 1273.

26. Messeguer J, Penas G, Ballester J, Bas M, Serra J, et al. (2006) Pollen-mediated
gene flow in maize in real situations of coexistence. Plant Biotechnol J 4: 633
645.

27. Dyer GA, Gonzalez C, Lopera DC (2011) Informal “seed” systems and the
management of gene flow in traditional agroecosystems: the case of cassava in
Cauca, Colombia. PLoS One 6: €29067.

28. Kimura M (1962) On the probability of fixation of mutant genes in a population.
Genetics 47: 713.

29. Ortiz-Garcia S, Ezcurra E, Schoel B, Acevedo F, Soberon J, et al. (2005)
Absence of detectable transgenes in local landraces of maize in Oaxaca, Mexico
(2003-2004). Proceedings of the National Academy of Sciences of the United
States of America 102: 12338.

30. Stewart CN (2008) Pharming in crop commodities. Nature biotechnology 26:
1222-1223.

31. Serratos-Hernandez JA, Islas-Guti¢rrez F, Buendia-Rodriguez E, Berthaud J
(2004) Gene flow scenarios with transgenic maize in Mexico. Environmental
Biosafety Research 3: 149-157.

32. Food and Agriculture Organization (2004) The state of agricultural commodity
markets. FAO.

33. Wang RL, Stec A, Hey J, Lukens L, Doebley J (1999) The limits of selection
during maize domestication. Nature 398: 236-239.

34. Hufford MB, Xu X, van Heerwaarden J, Pyhijarvi T, Chia J-M, et al. (2012)
Comparative population genomics of maize domestication and improvement.
Nature Genetics DOI:10.1038/ng.2309.

35. Brush SB, Perales HR (2007) A maize landscape: Ethnicity and agro-biodiversity
in Chiapas Mexico. Agriculture, Ecosystems & Environment 121: 211-221.

36. van Heerwaarden J, Hellin J, Visser RF, van Eeuwijk FA (2009) Estimating
maize genetic erosion in modernized smallholder agriculture. Theoretical and
Applied Genetics 119: 875-8dyer8.

37. R DCT (2009) R: A Language and Environment for Statistical Computing.

October 2012 | Volume 7 | Issue 10 | e46123



